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[Abstract] Congenital heart diseases (CHD) are the major birth defects leading to infant morbidity and mortality, making
prenatal accurate screening being crucial. Artificial intelligence ( AI) has made significant progresses in recognition of
standard fetal cardiac ultrasound plane, segmentation of anatomical structure, also in screening and diagnosis of complex
CHD in prenatal ultrasound, yet its clinical application faced several challenges. The research advances and challenges of Al
applicated in prenatal ultrasound of CHD were reviewed in this article.
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