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[ Abstract] Objective To compare the effectiveness of artificial intelligence supplementary training ( AIST) and traditional
manual training (TMT) for standardized training of prenatal ultrasound standard sections. Methods Six physicians
without prenatal ultrasound experience (trainees) were selected and randomly divided into AIST group (using artificial
intelligence [ Al] ultrasound workstation) and TMT group (guided by a mentor with over 10 years of experience in a one-
on-one manner) after undergoing prenatal ultrasound theory, instrument and operational technique teaching and passing
baseline level assessment. Each trainee completed 15 training sessions. with the goal of acquiring 28 standard sections
across 22 types within 15 min per session. Then the trainees were evaluated independently of Al or mentor to observe the
training effect, and indicators such as standardization rate, completeness rate and repetition rate were calculated and
compared between groups. Results Before training. no significant difference of baseline levels was found among trainees
(all P>>0.05). During and after training, standardization rate (67.30% ws. 45.95%) and completeness rate (74. 60% ws.
55.08%) in AIST group were both significantly higher than those in TMT group (both P<C0.01). During training,
repetition rate in AIST group was 0, and trainees in AIST group progressed faster in the first 4 training sessions. After
training, standardization and completeness rates in both groups were significantly higher than those before training (both
P<C0.05), and the absolute improvement value in AIST group was higher than that in TMT group. Conclusion AIST was
more effective than TMT for standardized training of prenatal ultrasound standard sections.
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