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[Abstract] Alzheimer disease (AD) is a progressive neurodegenerative disease, with phenotype changes closely related to
the influence of genotype variation. Imaging genomics can vastly and non-invasively reveal the physiopathological process of
AD by associating multimodality phenotypes with genotypes. Current status and progresses of imaging genomics in AD
were reviewed in this paper focused on imaging phenotypes, genomics characteristics and phenotype-genotype association.
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2 AD XEBEEHEAEMRAK

2.1 MXPBRFERAMIRIKR  BHT AD %
B2 K 25 )7 %A MRI 1 PET, MRI 3 240 45 45 44
MRI(structural MRI, sMRD . 3 & MRI (functional
MRI, {MRI) FiI 9% 8t 7% & & % (diffusion tensor
imaging, DTD), sMRI B8 B 2 2 B i X 5 B 3 7 1)
YN ) G T il NN /= I N A = R
fMRI %5 38 1fi % K SF 4K % (blood oxygenation level
dependent, BOLD)-TMRI, i iz 6 56 % 40 g 76 1 % 7%
Bl I 4 1 37 78 Ak 5 R PR B B8 AR s DTT il i 46
IK O3 T 1 B Bl 1 45 1) S Mok s s B 2T 4 R Y
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L A 25 L (18 5 T 3% 2 AR 0 R IR ) DG IR A 9 A e 3] 4
[ 4 % B WF 98 (genome-wide association study.,
GWAS) f1 F — Lt F# (next generation sequencing,
NGS) . %€ B by BEE AT B T3 AR AD &9 #L
il . GWAS J& H i fie 5 H B AD 5245 Jk I8 21 2% 35 [
SR T . DLHOE AT R £ A 1 (single nucleotide
polymorphism, SNP) Ry 45ic HL07 , 75 42 5 K 417K F- i
A7 HEXE 23 B o 42 90 -5 5 2 B A 78 58 RH OGP 2 P f 78
SR AT SEE 5 AD 38U s AR A B SR AR DG Y
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¥ (Kyoto Encyclopedia of Genes and Genomes,
KEGG) & 873 al itk b3 () 8, 0% F 7 0 i BAr
SRR AR SN 198 . ZENG SUY 4 BT AD A G
BN ST N o T S -G & DT -l & W T (S B
(protein-protein interaction, PPD), #iE T 6 &1L
5% 0 /N A% R (micro RNA, miRNA) %5 & 1056 %
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expression network analysis, WGCNA)M!, DL % 7 4k
FEIR MY HERIBLHL, 3 B 55 DA A B 55 R AR AR 8] A9 A DG
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