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Research progresses and clinical application of radiomics in
“F-FDG PET/CT
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[Abstract] In recent years, clinical applications of PET developed rapidly. With F-FDG and other types in vivo
radioactive molecular tracers, PET can provide tumor information in vivo from the functional and molecular levels.
Radiomics is a medical imaging analysis approach based on computer learning. In the microscopic molecular level, changes
of gene or protein can be reflected in macroscopic image pictures. Through deep mining of image features, the changes of
human tissue. cells and genes can be reflected for predicting and evaluating the heterogeneity of tumors. The process of
imaging omics and the key and difficult points of research and clinical applications of *F-FDG PET imaging omics were
focused. and the current progresses of *F-FDG PET in imaging histology for predicting tumor molecular subtypes were
reviewed in this article.
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