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Differentiation of nodule or mass type pulmonary cryptococcosis and
lung adenocarcinoma, lung tuberculosis based on
plain CT scanning radiomics models
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[Abstract] Objective To explore the feasibility of differential diagnosis of nodule or mass pulmonary cryptococcosis
(PC), lung adenocarcinoma and lung tuberculosis (TB) based on plain CT scanning radiomics prediction models. Methods
Plain CT data of 28 patients with nodule or mass type PC, 30 with pulmonary adenocarcinoma and 26 with lung TB were
retrospectively analyzed. The texture features of lesions on CT images were extracted and selected to establish the
optimized texture parameters between PC and lung adenocarcinoma, also between PC and lung TB. Then all samples were
divided into training set and testing set according to ratio of 7:3. The random forest method was used to establish
prediction model with the optimized texture parameters, and the model was used to evaluate training set data and verified
with testing set data. The corresponding ROC curve was drawn. so as to evaluate the model’s differential diagnosis
efficiency. Results After screening, 7 optimized feature parameters were obtained between PC and lung adenocarcinoma,
while 4 were obtained between PC and lung TB. The AUC, sensitivity, specificity, accuracy of the model for
differentiating PC from lung adenocarcinoma was 0. 96, 1.00, 0.78 and 0. 89, respectively, while for differentiating PC
from lung TB was 0. 99, 0. 88, 0.89 and 0. 88, respectively. Conclusion Radiomics models based plain CT scanning can
be used for differentiating and diagnosing nodule or mass PC from lung adenocarcinoma and lung TB.
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