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[Abstract] Objective To observe the value of regional growth method combining with multi-competitive least-squares
fitting algorithm to remove the pectoralis major shadow from images of digital mammography (MG). Methods MG data of
244 cases were randomly selected using stratified sampling method. Contour selection, enhanced data features, coarse
localization of pectoralis major boundary contour and denoising processes were performed on the images. Combining with
the least-squares method, improved region growth method was used to fit the boundary contour function of the pectoralis
major, while the optimal contour function was used to produce the pectoralis major mask images. Intersection over union
(IOU) and pixel accuracy (PA) between the predicted and manually outlined maps were calculated to evaluate the value of
removing pectoralis major shadow on MG images. Results The pectoralis major contours obtained based on the above way
were rather smooth, with fewer missed segmentation, over-segmentation and less error in the results, and the restored
pectoralis major boundary contours were very close to those of manual segmentation, with the average 10U of (89. 76+
4.28) % and the average PA of (89.98+3.91)%. Conclusion Combining region growth method of multi-competitive
least-squares fitting algorithm could be used to remove the pectoralis major shadow on MG images.
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